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BRARAY o fE E M AR A A Fhdn MR TR A B X BB AR A O IRA T B I
Magin et al. (2016) B F5RTE 2008 F FE H A ECE S (Barack H. Obama
1) BAAIMESER A B R T R % A HE A DU R A A 2 0 0 58 Y P
BT o MEEER N ZR0EHF B ERTE > B 1994 F 210 REEH
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{84% (Stétka et al., 2014, September 3-6) » F It ] G4k Ff 44 B 1 4% o8] 288 B B
B M0 H 25 B o Brito & Adeodato (2022) Kt FsRALEHHAEE B R
FBOABE G E MR B AT R 8 B2 2% B A8 4 K Y s H 7 2 RE B A
R BELS S RYT o Safiullah et al. (2022) B F R A% B Al AV 2B S R
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FEAREREE 0 A EE (social buzz) B LA M & & ERSCREE
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T 2 B FEARRERT B 48Ul A A% & > & e — R A RIR » Repl 2 7EFRE -
WA T & S R ATS 0 AR o RO o R Ak B A A Y A X
KA > fi#E FEBAREGHEREAS  BWEMEAE SR ; RERIR
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HZR - BRAEARMN S 68 > BATFT R 18 84 &0
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DR AN R A B 1 R B AR AN SR AV RBR T > S UL TN o R AR AR
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Huberty (2015) f5Hi > #8488 LETEE ALEAFRL « S5 F S 5 T
AT R B E R - ERMEEZEN > RAENMEZEAEE T —
el at g - BAR At T EGTEREEENER & - HRERsAE TRk
SRR ERE R o /RS TREUR) B B4 AIASRE k=5
—EF (Gandomi & Haider, 2015; Parks, 2014) * [K A& A~ H 2 35 2| B 40 it
FIRTE R ASE R R 0 HE RS IR 2R - B AT/ N E 528 A fE A
IRSE - RERBIMEERT R E - AT AELURFTERE AR 48 E BB - AEAG
X~ HARFARES G o

A NEBEAR R R AR ARG 47 20 BIRTERIR AR &34
A A —E R IR > TaE S REIR — B E A o e HIESR S
R B2 TSt B RS 6 A B R SR I BT 2 AR R R BRI » 32 BA]
ARG MRTE S ~ EER > EmiEE > EEEEERE%E (Luo & Zhang,
2013; Naylor et al., 2012; Stephen & Galak, 2012; Zhang & Pennacchiotti,
2013) ©
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A AR E R N BUBUE AR AR B HEIT A B R REEUR E R R
M DA 2z 2 HE R A T T i 72 (1) 758 2 s B SR AR ZE B T © 91140 Vitak et al. (2011)
TR AL B n] R R R SRR ~ S ZBURGEIN ~ DU B At 48 A& 5t
MBS - ETHNE M BOA 2 BT AMEEEIERE 1M Bond et al. (2012)
PR H5: 258 N Facebook HE XA G EM 4 ~ B ERIMANAL &
BRI o HABFFEth A %E LB (Bimber et al., 2015; David et al.,
2016) » YJHEHAL RGN P A 2 2 2 HALH P R 2 > JREDAR 2 1A R A
W% B {5 T DA R L P AT A R B A £ o

(KL > David et al. (2016) #BZLEFEAE 2 — (@ 0] B LA K B
BIRAGN B ZRE > BEMKEEN AN MERERBE SRS - M
KRHT A R AMNERT R o IR A EH AT 3 A R B RE [A] 25 A1 R o [ R m] 3
BB NARZ NG BEREAZL  gARM AR+ BERI BT - MiAE?
— R B R T SR 88 R ¢ S M 28 N Az o PR o

A R ANAR Z 2R E B 2 SN RY 4% 0 Bene (2017) TREERTEE
FHl 1 2 AE Ak A BB SRS RO B 1 - w40 2 288 IR BAL {258 A\ 4IRS EL B ASUR N 1B 48
HEfH o fEAh 2 Colleoni et al. (2014) thZF 3R FraE Y FIIR/E X% (echo cham-
ber) » {6558 NELRR4ARIETE THE[A1%) (homophily) @ BB E HLATHAR -
HEAGRER TnEnnss) (AHEBR) » mAYMLSERNEHE o ALl
ANE A I EERE 0 YIEHEEE N FTBhaE o AT DUAR RS 11 B2 AE i Bkt S 5R SLY
BTG RENERREASSRKEERZIN BHRZZHE o
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WE (02 N K EER AL BEEERE - A/ DI T O HE SR T RE ) T
B o Khan et al. (2021) #5F 2010 = 2021 % 11 4ER » ©F 787 BAHBAM %
B Sk > R A AL A AR EE RS S T T 0 B EACEUA g
LB AT TLIS 2 o MiE— M - BEE TN B R B E R (s
FR G T B AR AN AR R 5 R T 2 T 7 25 A S T B ) TR A
FRRE > B R RAENRRNE LB (b > 2022) o

REFEEMFFEAN R  Williams & Gulati (2013) f5H » FEHIRZESTE TR
FEEEER - 40 2006 4FHA A5 BRI 2 R B 1% 58 A\ Facebook =41 /& BJ 8l
BEERGE LA PRI 5 2008 AR A A58 th 3R I055E N R 4 N\ B L SR BT 2
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HESEAHRA © Barclay et al. (2014) ¥} 2012 4F3EERZE » 33 B R = 8EX
EEM LA E R M E (Willard M. Romney) [ Facebook 1% 58 #j( #1 K 5815 22
YAFAERER ©

HA BRI 24t > Giglietto (2012) % B3 4F 28 K| R A 2 A\ A o
JE15 B % Facebook 147 # A 39% & REMRE ) > 55 4h 43% RIETR 56 & 2 o
Vepsiliinen et al. (2017) LUSF R B & BE5R 2o 1] > 48 T A 288 \ el B e B HL
1S EEEFIEIEAHRA © Barclay et al. (2015) B E[1EE [ & KZE MY 73 By th 333
BB 44 H AT ST R AR S5 S E 0 T ARSI AR o S
A1# > Khairuddin & Rao (2017) [F]4% %% B 55 21K 7 5 (B 7 K 288 R0 {8 K| 5
R o 528 N B Akl B B 2 R (R IR AR o

A s At R LRSS R 2 R Y IE M B 5 AMEBR IR Facebook » 1 [R5 HY
BT 5 —1E W 3E H B FATHYF & Twitter © Kruikemeier (2014) fi5Hi » {#f
F Twitter B ZE 0 fif B B & 5k BB N AR ML HE S EZEE - A
DAH #7728 X ) o MAEFEE (Tumasjan et al., 2011) ~ S
(Tweetminister, 2011) ~ % (Fonseca, 2011) thAELIEEH » BT
F R N Y HERE 38 SCPR AR A A (8] SC B P BLUSE SR s SR S SR A AR IR T
ﬁl%: > ‘EM%%)\@HE@J ’ ﬁﬁ?@ﬁm@ﬁ*@ﬁﬁﬁ 5525%%5’] [weeter elec-
tion | (Keating & Melis, 2017) o

Brito & Adeodato (2022) ¥fffiE ~ E2PY ~ Eifmbhan ~ PG EFRYMF ST
AL EEE 28 28 B AT 300 KAE Facebook ~ Twitter ~ Instagram 5 2 11l
R 6 & S TZ RG> BBUREHERGEA S AR > HEHPYER 41
A ¢ B e B BB B S B AR A IEAHRE - UH B TERG X2 B | (post engage-
ment) © Brito & Adeodato (2023) 1% 48 th, 3 — 25 L i 72 VY 5 1% 288 N 87 44
T B B R o PR B R R R A SRR FEI o BT AT YRR RS TE I ) T o

TEAR LRI T HINE W20 iR © FL7E Facebook [l f I > FZ&4F] (2013)
R Bt B A (0 A bl - BRBAT: AR R 2 R RV R > H 2 BilE 5m ~ 2
BEAEAR  WEFITAPBER - "RESG (2019) ~ BRI (2021) HEi5H
AFEFATIREREIMNYFE - R E M UVE - MEE R E MG
o ZEEREEER G o FERE (2021) HIEEE 4L AHEAE 2 B Ean A5
AR A B AT ANEBEE R o BRI fEIES & Y G B R
RIFEREEME o

ERERFANEELS > Lin (2017) 223 2014 FB i REE NS
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F Facebook » DU HIBRGFAIRE » BB &1 FESTEAE A2 52 > AR AR NEL~ Y
e B BL1S ZE A IE M B o Xie et al. (2018) ¥} 2016 fE4E &1 K2 -
# B Facebook Ft 2 3 M) &4 2 ) bL g 0 BE G 2 B0 Ty HL A e 80 2
THHIER G R R A 1EEE o i Bfh ~ &EF (2019) 7947 2016 FF2FRE
B BT N2 6 FH Facebook B SR IBS L [RI AR A S E AT > EHKE
H 36.8% H#EVILZ  fi Facebook SUAE EIACE HHIE 1.2% c HEEMNZ
155738 N B S He sl A8 S SR B 2 RS IEAHRA - SR 4R 1S SR g E i
FEIEAHRR » T EARSR TR bR o 367 28 55 18 R o7 ) LAk ME R A /N
HI B 2E 87.9% o

MO AR - AR &S I B FEAT A m) B A i 288 N BRIGE RAL BE A 3R
FAATEM] > Burnap et al. (2016) IR EZ A IEM RAERMZR (systematic
relationship) o /DERFFL RIS BIRGSC A A FH BE BLUIG 4 > thA YT 2B © Bar-
clay et al. (2014) 387 BIME 48 A A B R S 17 17 52 23 188 N AR 44 el v
B BREBIZR R AR 8 ~ Foal BUE E B R A A AR A E B o ERERE
— e N2 2 A2 B R ATECD > AIIHIRSE AR S B Bl A 2 o B RAD
GHESERER -

ANHEATHRI R R RRTER R Z R BN E N B OB R4S +L A
IR Z AN HALE & > BIBUBRE R E ~ B et - R~ HrE
Al RSSO B S A BN DM R o MRS 2 o LR LB B R AR A SR
A SRR > ERAY R AR BB AT A R — B o (EAHBRR ST B B A
HA MRS - MORBMINTRERERE > RioaA [ REA R rER - Kt
SER AT H B IR 77 IR LU E R R BRI SRR (Kalampokis et
al., 2013) o IS EEAR H i [71) B8 117 LR B 2 O AR A B AR HE A BB 5 2R il
BEEAFIIRE T ©

TEBERERTRAI e B REHEE > B2 s T 0 A
e R WL 2R R 8 B A Y 227778 SRTTIAE S W28 BRI 607 A0 TR HI 238 22
SERFHAFAERRY: (Williams & Reade, 2016) © 22HI1 S @ 4 &5l 2
AR (5258 N\ L (38 K 75 T o VR (1) S5 e S 2 B A T B 1 o
PRI ¢ HRETT RE A A T ER RN AR S & 28 (1555288 A\ AE PR idks
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B E IR SRR S A R AR o At > B2E R H A
TRAE S B R RS R I 2 R T 2 2% F5HE (Singh et al., 2020) ©

AEk R B R AR IR AR TSR E AR TET O™ (eWOM, elec-
tronic word-of-mouth) * & 2 MM H 5~ I~ ERBOR - BEEANN—E
B H B IS A B E AR L o Thomas (2004) ElEFR NHEBEEHE R
(consumer buzz) 2y [F%# A6 o ~ IR ~ s AORE B B 354
ﬁiE’JIEﬁﬁﬁﬁE@J Al SR ek 8% A I T#HEUE S °Luo &Zhang (2013)

B ARHEE BB - R REEEES L o DR HBIEAERK

MBS ML BEE RS E &) (social media buzz) » A AR #E—
BT AT (viral marketing) ©

HEEMEYE 0 BERGRGEACENR LEERELE) > BLEERRE
KERI R TR E R 0 BRI G RE RSN o e S RN
SRR - R TR 1Rt T —(MEEAE AR R R B R
RAT A 2 BRI B > B235 RG22 20 % P o o 20 I A AR A L e (] 28 5
HEEHENZEA (Luo, 2014) o JUHAN S 1 FECEAS pk 2 & 5 AR BN Tt
G A EE LI o AR R AR E SRR S T RIA R IRATRER A P
R AR A 2 B i Rl 2 BAPT 56 B T g A ¥ © Gilardi et al. (2021)
FEHA o 2 725 1 (AR A s B RS T R R AR 0 LR R E B - 2
DL 4is 8 B R IER MBS 2R AL BE A P28 IR AR THE
R o M B E R o TR B R B R A R R A BAR TR o JREE
Huberty (2015) f5ti > TERABIHREIA 240 (all news is good news)
DUBe T—Rfs2 ~ —3RZ%E ) (one tweet, one vote) WELARNE 27T T © A E &
HAREEL » 22w o

ST (semantic analysis) {EAUREER R ST INHEEAG > BEH
RGBS M (nature language processing) XAl » B SCAHELT IR JE Ji PR BE A
FRECEFR ~ R 33 > SIS R EIR P A EEZER (Maulud et
al. 2021) o ZLAFAR » WFFLHE BHIA B M A BK R & /0 At BEHR BE (social listen-
ing) FREUESE  ZIEENERE o Safiullah et al. (2017) 73 H74T 900 HHI
BALE 28 B A R ) Twitter B SC 0 2384 IR AL BEE B YT B 2815 A LE m) BB
FHHEE o Jaidka et al. (2019) FESFHENE ~ ELAATHE « J§ 274 51 K ZE AT i
(5 120 L F 33 B 7325 2 i 28 22 3 B AR IZ 4R Twitter B SCHR R
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PTT (#LBHBEEREY)) - HEZ T GERTUREEZ 85 RN FE4R > H
Hagm g aalRD  Srfsifik RAERRE AR BB NRREAC
BN o BT (2022) FRDAKEUIR ST HT 2018 E LG — BRI E A
ST 5 | B AR S s e B > AR B G BE A% 0 W A7 1E SR 08 ) SH R IR
TR AR 4K ) o
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B HATER SR o #HEFR (2019) 72 28 [ S0 48 A 0 5~ B RS0 T B
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2 ~ W5k

Brito & Adeodato (2022) 5% B 4847 & 158\ 2 Ak i R R A B +E AEAY
RYFRBL A sk = (E RS2l 77 72 m] I & HAR BB R AMA] o ARt - A
WFFE AN, 215258 N Ak 8 E R I L ZHZE 2 B B39 0 A RERE LB 4ais
B R BB SR A BTG ©

M KBRS Tl 2 B e R R SR e REEANERER
P o3 M H H R R B AR A48 1) — R ER AN SN E R ST (TLZ4E - PRS- H
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BURIE L » (BWT7T#E 202878 18 ] AT He SRRV B - & A i T A - il
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2 — M T R 5T o KB EELKE A RS S - AHE2EE
AR o A FEN IR E R R ) = o IR R R A] B SR EUEE A E R A O
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fiE AR RS A B HEBURE SR 34 2B D & MG B BRINR R IER
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Abstract

In the digital age, online buzz has become a crucial indicator for predicting
election outcomes. However, empirical studies on local election campaigns remain
scarce. This study addresses this gap by analyzing 1.83 million cross-platform data
points to investigate the relationship between online buzz, vote shares, and election
outcomes for 410 candidates in Taiwan’s 2020 legislative elections. The results reveal
significant disparities in online buzz among candidates, with notable differences
observed in gender, electoral district, age, and election outcomes. Particularly, a
strong positive correlation was found between positive news websites buzz in the
later stages of the campaign and vote share. Among the 73 winning candidates, 70
ranked within the top two in terms of positive news web site buzz in their respective
districts during the final phase of the election. This study underscores the practical
importance of online buzz in election campaigns and provides empirical evidence
from multiple dimensions, including election progression, online buzz sources,
and sentiment. These findings offer a foundation for future research on vote share
prediction.
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